
International Journal of Science, Architecture, Technology, and Environment     Volume 01, Issue 03, June 2024 
ISSN 3048-8222 (Online) |  www.ijsate.com | editor@ijsate.com 

100 

Audit Technology Adoption and Its Influence on Detecting Financial 

Reporting Fraud and Misstatements  

Sodiq Ogunmola1*  

 
14400 S M L King Jr Pkwy, Beaumont, TX 77705 
 
*Corresponding author, sogunmola@lamar.edu 
 

DOI: https://doi.org/10.63680/ijsate032535.09 

Abstract 

The most adoptions of modern audit tools such as data analytics, machine learning (ML), artificial intelligence 

(AI) and computer-assisted audit techniques (CAATs) have acted like game-changers in detecting financial 

reporting fraud and misstatements. On the contrary, many traditional audit methods include a high degree of 

manual sampling along with judgment from the concerned professional that could not be sufficient to identify 

very complex or highly subtle fraudulent activities. This will include a full literature review of previous studies 

published on audit technology adoption and how these impacts detecting financial fraud along with efficacy 

challenge, and limitation; as well as points about methodology section for implementing these technologies to 

auditing practice and how such data driven approaches further enhance audit effectiveness, efficiency, and 

reliability. From findings, there is indication that there is considerable improvement regarding fraud detection 

capability in an organization via adoption of audit technology, yet auditors should be mindful of technological 

reliance complemented by use of human judgment, ethics, and data governance. 
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Introduction 

With the newer digital environments, companies promptly generate data amounts unheard of in the 

business world. It's with transactions going digital and moving towards global business plus most complex 

business operations lying around. This data is growing exponentially, and it brings new challenges to auditors 

to understand the financial statements. The traditional techniques of auditing manual sampling, ratio analysis 

and judgment-based assessments have always failed to detect minor or complex fraudulent activities, as per 

Schreyer, Sattarov, Dengel and Reimer. Financial fraud persists throughout these years. Corporate scandals that 

mark the sky like Enron and WorldCom have proven that the traditional auditing methods are no match for 

sophisticated manipulations of financial statements. In response, the audit profession has adopted increasingly 

advanced technologies-AI, ML, data analytics, and CAATs, automating the routine tasks, analyzing billions of 

datasets to find anomalies that otherwise had gone unnoticed (Gkegkas, 2025). 
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Audit technology adoption bears the advantages of efficiency, accuracy, and proactive risk assessment. 

A machine learning model, for example, could process historical financial data in a manner that might identify 

unusual data patterns, whereas CAATs would enable auditors to evaluate whole transaction populations rather 

than small samples (Hernandez Aros, Bustamante Molano, & Gutierrez Portela, 2024). Predictive analytics 

even prioritize high-risk areas for auditors to concentrate on where they are really needed. Challenges remain 

even with those improvements. Khomsiyah (2019) opined that Black box "is what most of AI and ML models 

are often referred to; hence, it makes it very difficult to interpret or justify to the regulatory framework, 

(Khomsiyah,2019). In all this, data is just another fame between accuracy and completeness. There is no other 

barrier with poor quality data that knocks off the effectiveness of technology.  

The main barriers of ethical consideration are privacy, security and fairness hold while integrating 

these tools into audit workflows. This study reviews the literature relating to audit technology adoption and 

its role in the detection of financial statement fraud. Its study covers the various tools, methodology of 

integration, problems, and implications for auditors and organizations. 

Literature Review 

A literature review is a systematic synthesis of existing knowledge, theories, and empirical research 

relevant to a particular field. Audit technology adoption and its effects on the detection of financial reporting 

fraud and misstatements. The literature review, therefore, does more than summarize previous studies: it 

critically appraises the evolution of audit practice, highlights methodological controversies, illuminates still-

unresolved gaps, and situates the present study within broader scholarly conversations. With thus building an 

intellectual foundation upon which to comprehend how technological improvements converge with auditing 

practices and why even more probing of their impact on fraud detection becomes timely and relevant. 

Across the body of literature on fraud detection and audit innovation, more clearly defined paradigms 

seem to emerge. Traditional audit processes, which are essentially manual, sample-based, and retrospective in 

nature, would be increasingly replaced or supplemented with technology-driven approaches that are using 

data analytics, artificial intelligence, machine learning, and automated audit tools. As organizations digitization 

near-encompasses their aspect of financial reporting, the scale and complexity of financial data continue to 

increase and require auditors to conduct superior analytical work that will be able to identify hidden 

anomalies, risk patterns, and irregularities that conventional methods might leave behind. 

Research shows that digital tools significantly enhance and provide real-time opportunities for greater 

precision in auditors' detection of misstatements and fraudulent behavior. The literature also points to certain 

limitations, such as data-quality issues, integration issues, model bias, and different levels of acceptance of 

technology among companies. Reviewing these findings can provide insight into how audit technologies have 

been applied and benefit institutions, as well as where gaps persist, and provide more reasons to explore how 

data analytics can specifically enhance the detection of financial reporting fraud and misstatements. 

Data Analytics in Fraud Detection 

Auditing today is increasingly predicated on the capability of analyzing structured or unstructured 

data to provide cues for anomalies indicative of fraud. Gkegkas (2025) reviews 43 studies covering the period 

from 2010 to 2024 in the context of systematic reviews and finds out that data analytics much better than 

traditional sampling methods improve the detection of financial misstatements. The supervised machine 
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learning techniques, such as decision trees and support vector machines and neural networks, which are 

mentioned by Hernandez Aros et al. (2024), are very efficient in capturing those patterns to which humans 

may not have access while auditing. Additionally, it is evident enough from the above points as such; auditors 

can now analyze the entire population of transactions, and it obviously enables finding an infrequent or hidden 

anomaly in the compliance glitches. For example, a predictive model can help prioritize audit focus areas by 

tagging high-risk transactions based on historical fraud patterns.  

This would increase the efficiency of audit resource allocation and guarantee that those ripe for 

scrutiny will be inspected to necessary levels. Continuous monitoring by real-time analytics accelerates 

detection and response of an organization to the chances of fraud or fiscal reputational damage. However, the 

quality and availability of data significantly influence the efficacy of data analytics. Deviation or incompleteness 

in the dataset affects the prediction of models. Hence, the auditor needs to use his professional skepticism to 

verify the output of these models. Also, ethical issues - such as using sensitive financial data-and compliance 

with regulations on data protection, notably the GDPR or HIPAA, where applicable contexts are met--would 

need to be considered. 

Table 1. Example of Data Analytics Applications in Audit Fraud Detection 

Technology Description Example 

Application 

Benefits Reference Technology 

Neural 

Networks 

Supervised 

learning model 

Predict anomalies 

in journal entries 

High accuracy, 

detects complex 

patterns 

Schreyer et al., 

2017 

Neural Networks 

Decision Trees Rule-based ML Identify high-risk 

transactions 

Easy to interpret, 

resource-

efficient 

Hernandez Aros 

et al., 2024 

Decision Trees 

Predictive 

Analytics 

Statistical 

modeling 

Forecast potential 

misstatements 

Proactive 

monitoring, risk 

prioritization 

Patel, 2024 Predictive 

Analytics 

 

Figure 1: Data Analytics Workflow for Fraud and Misstatement Detection in Financial Audits 

The figure depicts the stepwise process that an auditor employs while using data analytics for detecting 

probable fraud or impropriety in financial reporting. The processes include extracting data from its full 

population and then proceeding on to advanced modeling, algorithmic anomaly detection, and human 

interpretation of flagged transactions. 
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Audit practices at present are more attuned to the analysis of full-population data than to sampling, as was 

done traditionally. Figure 1 demonstrates that a systematic analysis of stream data helps in fraud detection 

and improves the quality of audits. It starts with the extraction of full data so that auditors can check the whole 

financial datasets and reduce the risk of missing the occasional anomalies or hidden frauds from detection. 

The data is further subject to statistical and predictive modeling techniques using regression, clustering, 

neural networks, and decision trees to recognize unusual patterns or deviations. The output from these 

analyses feeds into an anomaly detection engine that automatically flags transactions with certain 

characteristics associated with potential fraud, such as timing irregularities, duplicate entries, or inconsistent 

records. The transactions so flagged indicate higher-risk items requiring further investigation. The final stage 

is auditor interpretation, where professional judgment is exercised regarding the significance of anomalies-as 

indicators of real fraud, weaknesses in internal controls, or innocent irregularities. This husbandry of machine 

analytics with human judgment ensures that the insights generated are properly contextualized considering 

organizational operations. The overall workflow illustrates how data analytics boost audit efficiency, expand 

risk coverage, and make the fraud detection process even more robust. 

Computer-Assisted Audit Techniques (CAATs) 

CAATs make audit technology functional in making repetitive tasks for automated auditors and 

subjecting large data sets to systematic analysis. Substantive testing, reconciliations, and exception analysis 

done through CAATs can be more effective compared to the manual ways that are presently done. The level of 

CAAT usage has a positive relationship with effectiveness in the detection of fraud, as revealed by numerous 

studies. Most notable is one carried out in Nigeria with respect to banks. It demonstrated that there is a 

statistically significant relationship between establishing CAATs and ability to detect fraudulent transactions 

successfully (Olasanmi, 2021). 

The future trend now involves a hybrid model incorporating CAATs with advanced AI tools, thus 

enabling rule-based analysis to be combined with predictive analytics. This combination allows for the benefit 

of structured testing by auditors in addition to using AI to identify anomalies around predefined rules. 

However, CAATs, like any other system, have inherent disadvantages. They rely heavily on specialized skill sets 
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for successful execution and depend largely on the quality and completeness of financial data. Poor quality 

results occur from the use of inconsistent, fragmented, or incomplete data for CAATs, thereby indicating a need 

for data governance practices. 

Figure 2. Workflow of CAATs in Financial Fraud Detection 

Transaction Data → CAAT Extraction → Rule-Based Screening → Flagged Anomalies → Auditor Review → 

Action/Reporting 

Figure 3: CAATs Workflow for Rule-Based Fraud Screening 

 

Figure 3 shows how computer-assisted auditing techniques (CAATs) automate the rule-based checking of 

transactional data in auditor workflow. After extraction of raw financial records from enterprise systems, 

CAATs apply a set of standardized rules for systematically screening transactions, giving example rules of 

threshold checking, duplication checking, or compliance violation detection. Exceptions and outliers are 

automatically identified and maintained in a structured log. These logs flag items requiring attention, allowing 

auditors to concentrate on high-risk transactions rather than manually reviewing thousands of transactions. 

CAATs offer greater efficiency, more uniform application of audit procedures, and a tightening of internal 

controls, but their effectiveness can be severely hampered by the quality of the embedded rules and the 

necessity of auditor judgment to interpret the items they flagged. 

Machine Learning and Deep Learning Models 

ML and DL models can detect even the complex and subtle form of anomalies. Autoencoders, for 

example, learn the normal transaction pattern and identify divergence from it. The accuracy of autoencoders 

in detecting anomalies was considered superior to any rule-based methods by Schreyer et al. (2017). With 

federated learning, the anomaly detection across organizations can be done all together without needing to 

share sensitive data. Schreyer, Hemati, Borth, and Vasarhelyi (2022) used a federated continual learning 

approach to enhance detection while maintaining data privacy. Li (2024) has shown that deep learning models 

greatly improve detection of misstatements in corporate reporting even further. 
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Figure 4: ML/DL Predictive Modeling Process for Fraud Detection 

 

As shown in Figure 4, predictive fraud detection is optimized through the understanding of the ML/DL 

pipeline. The ML/DL algorithms are fed with historical datasets covering previous fraud cases along with 

transaction behavior and control failures. The complex relationships which cannot be detected through 

traditional audits are learnt through neural networks, gradient boosting, and classification models, among 

other models. The testing and tuning of the model provides predictions of fraud or anomaly detection in new 

transactions. These predictions will help in auditor decision-making by ranking risks and pointing out patterns 

hidden from manual review. The benefits of ML/DL in terms of increasing accuracy and coverage are offset by 

such challenges as model opacity ("black box" outputs), possible data bias, and the increased need for robust 

governance frameworks that ensure ethical use. 

AI in Audit Quality and Skills 

The shape of audit quality and auditor responsibility is going through another level of evolution with 

AI. By automating repetitive verification tasks, AI provides the advantage of allowing auditors to use their 

judgement to perform activities that require interpreting abnormalities and measuring risk exposure. There 

are studies that proved that auditors utilizing AI and ML tools have a good performance record in detecting the 

misstatements, thus saving time and overall efficiency during the audits (Khomsiyah, 2019). However, the AI 

models sometimes create interpretive uncertainties as they tend to function as "black boxes". Therefore, 

auditors must validate any findings generated from AI-based outputs with their own professional judgment, 

keeping a critical mindset when talking about technology-based findings. Also, ethical issues, such as 

algorithms bias or unintended consequences, must be accounted for, emphasizing the overall importance of 

training auditors in both technical and ethical-oriented aspects. 
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Figure 5: AI-Enabled Risk Scoring and Audit Quality Improvement Model 

 

Automation of pattern recognition and risk scoring is making huge differences in the quality of audits 

through AI systems, as illustrated by figure 5. AI is used in verification through the application of algorithms 

to sift through entire datasets to find unusual patterns, correlations, or behavioral indicators of fraud. Risk 

scores may be attached to each single transaction or account according to a level of deviation from the expected 

norm. Auditors then decide materiality and misstatements, incorporating these in their professional 

judgments. The tie-in between human and AI teamwork brings greater accuracy into audits, counters cognitive 

bias, and provides freedom for auditors to engage more deeply in the tasks of resolving more complex and 

more often heavily judgmental areas. There is an ethical aspect in accepting AI scores without challenging them 

when transparency and audit oversight get focused. 

Internal Controls and Continuous Monitoring 

Experienced from looking at data until October 2023, Advanced Real-time Analytics transforms how 

internal controls begin a proactive rather than a reactive process of anomaly detection. Indeed, identifying 

trends, wherein the signs of fraud are beginning to creep in, can serve internal audit teams in taking corrective 

action before misstatements occur (Patel, 2024). The researcher Sidauruk (2024) found that government audit 

units using data analytics had a very effective audit environment, indicating the real benefit for adopting audit 

technology.  

Nonetheless, improving an organization s risk management is just one part of what the toolset offers. 

It continuously monitors financial transactions while observing deviations from expected behavior, both in the 

finance and compliance domains. Its efficiency in the prevention of fraud and regulatory non-compliance 

would obviously improve upon implementation. Whether implementation succeeds depends on a well-trained 

workforce, clearly written policies, and a robust IT infrastructure to facilitate advanced audit tools. 
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Figure 6: Continuous Internal Control Monitoring and Ethical Governance Cycle 

Continuous data monitoring's role in enhancing internal control systems is depicted in Figure 6. Alerts are 

generated in real time upon detecting any unusual activity to enable fast identification of newly arising risks. 

Trend analysis aids auditors in early identification of emerging fraud patterns or systemic weaknesses. Internal 

audit interventions, in this case, ensure that matters raised are properly investigated and resolved. Continuous 

auditing adds to reliability and minimizes blind spots but also raises ethical issues around privacy, data 

surveillance, and fairness in automation. On the one hand, it weighs on these ethical impositions on technology 

versus an evaluation of their impact on legal positivism from the sociological perspective of positivism, 

culminating in a conglomeration that is almost impossible to sour. 

 

Challenges and Ethical Considerations 

Although audit technologies offer numerous advantages, certain limitations are present. One is that 

AI and ML models usually have opaque characteristics, leaving auditors and inspectors with hardly any 

references to interpret the flagged anomalies (Hilal, 2022). The quality and completeness of data strongly 

define the accuracy of models as also seen in data governance. Privacy and security issues arise when highly 

sensitive financial data are used in advanced models, especially in federated learning scenarios (Mashiko et 

al., 2025). 

 Even the smarter ones, the tricksters, tend to develop techniques to counteract automated detection 

systems. One must continually improve on such algorithms with human oversight, as an adversarial attack can 

change the outcome of any AI model. Continuous training, ethical frameworks, and policies concerning 

accountability need to be drafted and followed with much time and attention of the new technologies. 

Methodology 

This literature review-based research design works towards bringing together and interpreting what 

has been documented by scholars and practitioners visiting audit technology adoption and its influence on the 

detection of financial reporting fraud and misstatements. This methodological approach does not aim to create 
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new primary data However, intends to build a coherent understanding from existing research, mapping 

patterns across the studies, and pinpointing areas where knowledge remains to be developed. To this end, they 

consulted a wide array of academic and professional sources. The review covered peer-reviewed journal 

articles, conference papers, professional reports, and real-life case studies published from 2017 to 2025, 

during which there have been rapid developments in artificial intelligence, data analytics, and automated audit 

tools. Only studies that were concerned with technology use in auditing, fraud detection or identification of 

financial misstatements were included. This provided a relevant and contemporary reference point for 

conducting the analysis. Basically, thematic analysis was utilized as a means of organizing and interpreting 

literature. 

 The literature on each study was examined for patterns of recurring themes such as auditor 

preparedness, system integration challenges, effectiveness of data analytics, improvements in the accuracy of 

detection, and changing expectations of regulatory bodies. With this, the review was able not only to map what 

technologies are being adopted but also the extent of their use, why organizations choose them, and what 

outcomes they are yielding in practice.  Where empirical studies had been performed, drawing quantitative 

findings some measurements with regards to such aspects as detection accuracy, error rates, or audit efficiency 

summarized the available evidence as to provide a clearer understanding of measurable impact. These 

numerical insights have helped with providing evidence as to the technology's gain, especially in identifying 

complex or low-frequency frauds.  

The findings showed a very human picture of technology adoption because of the interviews and 

surveys and because of comments by practitioners and case-narrative studies, bringing qualitative umannaint 

weighting to the evidence. They illuminated the routine experiences of auditors: pushing back against brand-

new digital tools, training needs, organizational readiness, ethical conscience, and changes in professional 

judgment. Such contextual variables were highly enriching for the analysis, as they ensured the review 

considered not only the technical performance of audit technologies but also the social and organizational 

dynamics that determine their success. Together, this mixed body of evidence led to an equally balanced and 

comprehensive intervention for understanding the audit technology landscape for changing the detection of 

financial reporting fraud and misstatements, identifying the zones of highest success, and outlining challenges 

that ought to be resolved. 

Findings and Discussion 

The experiences and findings presented in this review indicate that audit technologies have a very 

significant and positive influence on the detection of financial misstatements and fraud. Across the literature, 

consistent evidence exists to indicate that digital tools enhance auditors' capabilities to identify irregularities 

often missed by conventional sample-based audits. As organizations create larger and more intricate financial 

datasets, technology-enabled approaches empower the auditors to examine entire populations of transactions, 

with increased accuracy and coverage. A key point of this study is that the application of data analytics and 

machine learning (ML) allows for better detection of subtle or complex anomalies than traditional approaches 

of sampling. Anomalies can be detected through such techniques as anomaly detection algorithms, neural 

networks, clustering models, and predictive risk scoring, which, thus, are able to discern patterns that are 

neither obvious nor linear. These types of approaches are particular to situations in which the techniques that 

fraudsters use change from time to time such that manual checks become less reliable. The ML systems can 

continuously learn, refining the model with different strategies to improve success at detection. 
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In the meantime, Computer-Assisted Audit Tools and Techniques (CAATs) constitute probably the very 

foundation for most current audit practices. They allow auditors to have standardized, structured, and rule-

based frameworks for performing specific tasks such as reconciliations, compliance checks, stratifications, and 

exception testing. New technologies do not replace CAATs; rather, they build on those. AI adds another layer to 

facilitate such enhanced systems with automation features, predictive insights, and real-time monitoring 

capabilities. AI-enabled applications reduce hours auditors spend on repetitive tasks, hence redirecting 

auditors' efforts toward higher-order judgment, analysis, and decision-making. 

Nonetheless, findings suggest that this new integration by technology gives rise to very important 

challenges. One such challenge is the most cited is interpretability. Machine learning and AI models generally 

act as black box systems, where it is very hard for auditors to genuinely prove how an irregularity/decision 

was made or communicated to them. This puts scrutiny auditor accountability, transparency, and compliance 

with professional standards with an explicit requirement for proof. 

Data quality is another challenge. Quality analytics come to bear on high-quality, cleansed, complete, 

and reliable datasets. Alternatively, If the data used for analytics are faulty or unstructured, they will run the 

risk of generating results that can mislead the auditor, losing their confidence in the automated tool, and calling 

into play the credibility of the audit process itself. Privacy and confidentiality will always be on the critical list, 

as audit technologies would demand access to sensitive financial and personal data. Complying with privacy 

regulations while also introducing appropriate data-governance practices goes a long way in laying the 

groundwork for responsible adoption. 

In their literature, adversarial threats emerge, in which individuals will deliberately manipulate the 

data or exploit some vulnerabilities in the audit system to escape detection. To counter the increased 

sophistication of fraudsters, too, must audit technologies, thereby making regular updates of models and 

strong cybersecurity measures a necessity. These findings clearly demonstrate that audit technology has 

improved the capabilities of detecting fraud, although this capacity is only effective when properly and 

carefully implemented. This evenhandedness extends beyond the good use of tools with a required human 

judgment of auditors as to whether they know how to interpret analytic outputs and contextualize them, as it 

is matched with an embedded ethical and governance framework for responsible use. Thus, this audit 

technology is really a complement to fraud detection while improving audit quality and trust towards 

organizations and integrity in financial reporting. Under the workings of these three elements, audit 

technology could augment fraud detection while enhancing audit quality, trust toward organizations, and 

integrity in financial reporting. 

Conclusion 

Audit technology, ranging from AI and machine learning to data analytics and computer-assisted audit 

techniques (CAATs), can greatly assist auditors in the detection of frauds and misstatements of financial 

statements. These tools can provide broader analyses, stronger internal controls, and more efficient risk-

oriented audits. However, technology leads to success only when there are auditor competencies, ethical 

oversight, and strong data governance mechanisms to ensure accurate, impartial, and trustworthy results. The 

challenges of data quality issues, privacy concerns, and emerging adversarial threats point to a profound 

necessity for surveillance and piecing together motivation for improvements. Although the literature points to 

a clear improvement, knowledge gaps exist with respect to industry-specific applicability, adversarial risk, and 

standards of responsible technology integration. Audit technology will eventually achieve its full potential only 
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when handling advanced digital tools is complemented well with human judgment, professional skepticism, 

and ample regulatory scrutiny. 

Declaration of Conflicting Interests  

The authors declare no potential conflicts of interest with respect to the research, authorship and publication 

of this article.  

 

Funding  

The author received no financial support for the research, authorship and publication of this article. 

 

References 

Gkegkas, M. “Using Data Analytics in Financial Statement Fraud Detection and Prevention: A Systematic Review.” Journal 

of Risk and Financial Management, 2024. MDPI 

Hernandez Aros, L., Bustamante Molano, L. X., Gutierrez Portela, F., et al. “Financial Fraud Detection through the 

Application of Machine Learning Techniques: A Literature Review.” Humanities and Social Sciences Communications, 

2024. Nature 

Riany, “Detecting Fraudulent Financial Reporting Using Artificial Neural Network.” Journal of Accounting, Auditing and 

Business, (Unpad) – shows ANN applied to detect fraud from ten financial risk variables. Jurnal Universitas 

Padjadjaran 

Schreyer, M., Sattarov, T., Dengel, A., Reimer, B. “Detection of Anomalies in Large Scale Accounting Data using Deep 

Autoencoder Networks.” arXiv, 2017. arXiv 

 Li, W., “Deep Learning Model based Research on Anomaly Detection and Financial Fraud Identification in Corporate 

Financial Reporting Statements.” JCMCC, 2024. combinatorialpress.com 

 Schreyer, M., Hemati, H., Borth, D., Vasarhelyi, M. “Federated Continual Learning to Detect Accounting Anomalies in 

Financial Auditing.” arXiv, 2022. arXiv 

 Mashiko, S., Kawamata, Y., Nakayama, T., et al. “Anomaly Detection in Double-entry Bookkeeping Data by Federated 

Learning System with Non model Sharing Approach.” arXiv, 2024. arXiv 

Khomsiyah, K., “Auditor’s Ability in Detecting Fraud: The Role of Professional Skepticism and CAATs.” (2019) – discusses 

CAATs, professional scepticism, and fraud detection. Dialnet 

 Ketelaar, F., “Artificial Intelligence in Fraud Detection: Textual Analysis of 10-K Filings.” MAB online, 2024 – shows 

linguistic AI to detect fraud. mab-online.nl 

Rosnidah, I., “Detecting and Preventing Fraud with Big Data Analytics.” Journal of Governance and Regulation, 2022 – 

discusses pattern recognition, anomaly detection with big data in audits. Virtus Inter Press 

Hilal, W. “Financial Fraud: A Review of Anomaly Detection Techniques.” Expert Systems with Applications, 2022. 

ScienceDirect 

Stanton, G. “Detecting Fraud: Utilizing New Technology to Advance the Audit.” Undergraduate thesis, 2012 – early study 

on decision trees, neural networks in audit. UNH Scholars Repository 

Patel, Piyushkumar. “The Role of Advanced Data Analytics in Enhancing Internal Controls and Reducing Fraud Risk.” 

Journal of AI-Assisted Scientific Discovery, 2024. scienceacadpress.com 

Sidauruk, D. L. “Data Analytics in Fraud Prevention and Detection by Government Internal Supervisory Apparatuses.” Asia 

Pacific Fraud Journal, 2024 

 

http://www.ijsate.com/

